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EXASolution — The parallel in-memory engine
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(e.g. Oracle) /
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Administrated Data Pool [gross]
127TB

ghn Uvernead for most traditio r'.'-| DBMS Systems
x structures, materialized views, pre-aggregated cubes
\\L Raw Data [net] ,/
AN 6TB :
| i SiOf
) ar sche nd flat table
ormn | | NTl:
%
2\ Compressed Data => HDD capacities
N, % 2TB in DBMS cluster
% O, "\ :
gy
%, %
0%,
Y. %\ .
Sy, ’),5,) \. 600GB -> 5 nodes sufficient
"0, oz, \VIEM (each 128 GB RAM)
<
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Vertical Clustering

&l

‘Impediments”:

Logging, Locking

e.g. Oracle RAC

Latching, Buffer Mgmt.

(Relatively) Inexpensive
Computer Cluster

x86 Server Hardware
(appmx 8 to 10 k€ per node)

- /‘ ( A HDDs usually

biggest share:
»
_"’ — %

(e.g. 16*600GB,
mode RAID 1+0)

i}

>

~6,5 k€
Horizontal Clustering
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What programming/statistics languages you used for analytics / data
mining In the past 12 months?[579 voters| Perl (52) . o 0
7 9%
% users in 2012 % users in 2011 Pig. Hive, or other Hadoop-basad MG 7%
R (304 voters in 2012) L EFE anguages (39 s 1%
45.1% GNU Octave (34 M 5 0%
Pytnon (209) I - 1% NIA for 2011
B A
| —— Lisp/Clojure (25) M 4 a%
SaL (186) I - 1% 10.7% (Lisp only}
——— Ruby (22) H3s8%
Java (123) I -1 2% NIA for 2011
_ ———— Seala [14) Bza%
SAS (114) I 10 7% N/A for 2011
21.2% Julia (2) 10.9%
Unix shelllawk/sed (B5) I 14 7% N/A for 2011
. — A% Other (66) - 116%
C/C++ (B83) I 14 5% 12.3%
——— None (4 10.7%
MATLAB (76) . 13 1% 11.2%
14.6%
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EXASOL

/ 7|& diAlo| DBMS

*  Partition Pruning

*  Materialized Views
*  Bitmap Indexes

*  Bitmap Join Indexes
* Index Organized Tables
+  DIMENSION Objects
*  Current Statistics

*  Histograms

* Table Compression

+ CACHE

+ PCTFREE

~
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Optional: Distribution Keys

Optional: Replication Boarder
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: A}=2)=l Database 22| (Backup Schedule)
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